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Abstract:
Artificial intelligence (Al) has transformed the marketing landscape by enhancing efficiency,

personalization, and decision-making processes. This paper explores the key contributions of Al to
various marketing activities, highlighting its impact on how Al empowers marketers to personalize
their efforts by analyzing vast amounts of customer data and tailoring experiences to individual
preferences. Moreover, this paper employs a case study approach to analyze some of the issues
associated with the Al tools adopted by Netflix, the global streaming giant that has embraced artificial
intelligence to revolutionize its operations and deliver a personalized and engaging experience to
millions of users. The results of this study verified that marketing procedures should involve methods
that enhance the customer experience on their platform by providing useful and precise suggestions.
These methods are implemented by the Recommender Systems. Cluster-based recommendation
systems segment users in similar groups, improving the accuracy and the speed of the system. A second
purpose of this paper is to explore the potential of improving recommender systems by experimenting
with alternative clustering methods.
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Introduction

Artificial intelligence (AI) is now widely acknowledged as a transformative force capable of
revolutionizing entire industries and substantially altering business practices (Noble & Mende, 2023).
The incorporation of Al has yielded numerous advantages across various organizational functions, with
marketing experiencing a notably positive effect. The success of Al in marketing practices is reflected
in recent research (Davenport et al., 2020), (V. Kumar et al., 2019). Al technologies have equipped
marketers with sophisticated tools and insights, enhancing efficiency, personalization, and strategic
decision-making in campaigns to an unprecedented level (V. Kumar et al., 2024).

More specifically, Al empowers marketers to personalize their efforts by analyzing vast amounts of
customer data and tailoring experiences to individual preferences. Al algorithms can segment audiences
based on behaviors, preferences, and demographics, enabling highly targeted marketing campaigns.
These algorithms can also provide personalized product or content recommendations based on
individual customer preferences and past behaviors, leading to higher engagement and conversion rates
(Lee & Shin, 2020).

Moreover, Al enables marketers to predict future customer behaviors and trends, allowing them to
anticipate needs and plan accordingly. Al can analyze historical data to predict future customer
behaviors and trends, helping marketers anticipate needs and plan accordingly. This includes
identifying signs of potential customer churn, enabling marketers to take proactive measures to retain
valuable customers (Vaid et al., 2023).



Al enhances customer engagement by providing real-time support and analyzing customer sentiment.
Al-powered chatbots can handle customer inquiries in real-time, providing 24/7 support and improving
customer satisfaction. Al can also analyze social media and customer feedback to gauge sentiment,
allowing marketers to adjust strategies based on public opinion (Perez-Vega et al., 2021).

Furthermore, Al optimizes advertising by targeting the right audiences and automating ad placement.
Can analyze user data to create highly targeted advertising campaigns, ensuring that ads reach the most
relevant audiences. Al also automates the buying and placement of ads in real-time, optimizing ad
spend and maximizing ROI (Campbell et al., 2020); (Saurav Das, 2023).

Finally, Al improves SEO efforts by identifying effective keywords and optimizing content for search
engines. Al can identify the most effective keywords to target based on search trends and competition,
improving SEO efforts. Al tools can also analyze existing content and provide recommendations for

improvements to increase search engine rankings and engagement (Rathore, 2016), (T. Kumar, 2023).

Technological progress within the area of Al has led to increased interest among a wide range of
businesses (Reim et al., 2020). Research within the area of Al in business contexts is growing. While
the application of Al in marketing is gaining popularity in practice, it is not surprising, that there are
limited empirical research and its role across different marketing functions seems to be under
investigated (Huang & Rust, 2022). This paper aims to identify the key contributions of Al to various
marketing activities, highlighting its impact on how Al empowers marketers to personalize their efforts
by analyzing vast amounts of customer data and tailoring experiences to individual preferences. For
this purpose, this paper employs a case study approach to give an up-to-date overview of Al techniques
used in an industrial setting. A discussion of the findings and implications concludes this paper.

Case Study: Netflix

Netflix leverages Al extensively to enhance its marketing activities, demonstrating the transformative
power of Al in the streaming industry.

Netflix uses Al algorithms to analyze viewing history and preferences to provide personalized content
recommendations, increasing viewer engagement. Al helps Netflix decide on new content creation by
analyzing viewing patterns and predicting what genres or themes will be popular. Al-driven insights
help Netflix create targeted marketing campaigns that resonate with different audience segments.
Netflix uses Al to predict which users are at risk of unsubscribing and takes proactive measures to
retain them, such as personalized content suggestions or special offers. By leveraging Al, Netflix has
been able to enhance user experience, optimize content strategy, and drive customer retention,
contributing significantly to its growth and success in the highly competitive streaming industry (Yuan,
2023) and ((Mathur, 2023).

Tailoring the Viewing Experience

At the heart of Netflix's success lies its personalized recommendation system, powered by sophisticated
Al algorithms. These algorithms analyze vast amounts of data to anticipate user preferences and
suggest content they are likely to enjoy. By understanding user viewing patterns, ratings, and
interactions, Netflix creates a tailored experience for each individual.

Netflix employs a combination of machine learning techniques to achieve this personalized touch.
Collaborative filtering analyzes similarities between users, recommending content watched by those
with similar viewing habits (Bobadilla et al., 2013). Content-based filtering, on the other hand, focuses
on the attributes of previously enjoyed content, such as genre, actors, and directors, to suggest similar
items. These algorithms work in tandem to provide a rich and diverse range of recommendations,
ensuring that users always have something new and engaging to watch (Gabrani et al., 2017).

Content Creation and Production: Data-Driven Insights for Success

Netflix leverages Al not only to personalize user experience but also to guide content creation and
production decisions. By analyzing viewer data, Netflix gains valuable insights into emerging trends,



audience preferences, and popular genres. This data-driven approach helps Netflix identify which types
of content are most likely to resonate with viewers, ensuring a higher chance of success for its
productions (Tsaqif et al., 2022).

Al tools play a vital role in analyzing scripts and scenes, predicting how well a particular show or
movie might perform. This information helps Netflix make informed decisions about content
acquisition, editing, and marketing strategies, ensuring that the content produced aligns with audience
expectations and preferences.

Streaming Quality and Optimization: Delivering Seamless Viewing Experiences

Netflix prioritizes delivering a seamless streaming experience for its users. To achieve this, Al plays a
crucial role in optimizing streaming quality and ensuring minimal interruptions. Adaptive bitrate
streaming, powered by Al algorithms, dynamically adjusts the video quality based on the viewer's
internet connection. This ensures that the video stream adapts to changing network conditions,
providing a smooth viewing experience with minimal buffering (Yao, 2023).

Netflix also employs Al to optimize its global content delivery network (CDN), minimizing latency
and improving streaming quality for users worldwide. Al algorithms analyze network traffic patterns
and user locations to ensure content is delivered efficiently and effectively, minimizing delays and
ensuring a consistent streaming experience across all regions (Shi & Zhou, 2021).

Marketing and Promotions: Targeting the Right Audience

Netflix leverages Al to create targeted marketing campaigns, ensuring that promotional content reaches
the right audience. By analyzing user data, Netflix identifies individuals most likely to be interested in
a specific show or movie and tailors promotional content accordingly. This personalized approach
increases the effectiveness of marketing campaigns and ensures that users are exposed to content that
aligns with their interests.

Al also plays a role in generating personalized thumbnails for each user. Different users might see
different thumbnails for the same content, optimized to appeal to their specific tastes. This personalized
approach ensures that the promotional material is relevant to each individual, increasing the likelihood
of engagement and interest (Chalaby, 2024).

Customer Support and Experience: Enhancing User Interaction

Netflix utilizes Al to enhance customer support and deliver a seamless user experience. Al-driven
chatbots provide instant assistance with customer inquiries and troubleshooting, offering quick and
efficient support. These chatbots are designed to understand user queries, provide relevant information,
and resolve issues quickly, minimizing wait times and improving customer satisfaction.

Al also plays a crucial role in optimizing the Netflix user interface (Ul) for different users. By
analyzing user behavior and preferences, Netflix can personalize the arrangement of content categories
and recommendations, ensuring that the platform is intuitive and user-friendly for each individual. This
personalized approach makes navigation easier and helps users discover new content that aligns with
their interests (Khan et al., 2022).

Content Localization and Subtitling: Reaching a Global Audience

Netflix's global reach demands a robust localization strategy, and Al plays a significant role in ensuring
that content is accessible to a worldwide audience. Al-powered tools automate the process of creating
subtitles and dubbing for different languages, making content available to viewers around the globe.
These tools analyze the audio and automatically generate accurate subtitles, ensuring that content is
accessible to viewers who speak different languages.



Al also assists in localizing content by translating and adapting it to fit cultural contexts. This ensures
that the content resonates with audiences in different regions and considers local cultural sensitivities,
enhancing the viewing experience for a global audience (Gawer, 2021).

Predictive Analytics: Shaping Future Strategies

Netflix utilizes predictive analytics powered by Al to gain insights into future trends and make
informed decisions. Al models predict which users are likely to cancel their subscriptions, allowing
Netflix to proactively address issues and offer incentives to retain customers. This proactive approach
helps Netflix minimize churn and ensure customer loyalty (Fouladirad et al., 2018).

Al also analyzes historical data to predict how new content is likely to perform, helping Netflix make
informed decisions about content investments. By understanding which types of content are likely to be
successful, Netflix can allocate resources efficiently and ensure that its content strategy aligns with
audience expectations (Sharma et al., 2024).

By integrating Al across these various aspects, Netflix not only enhances the user experience but also
ensures efficient operation, strategic content creation, and effective marketing, thereby maintaining its
competitive edge in the streaming industry.

Discussion

Netflix is a prime example of how Al can revolutionize marketing and customer experience. As we
mentioned above, at the heart of Netflix's success lies its personalized recommendation system (Chong,
2020). Recommender systems is vital for enhancing user satisfaction, driving engagement and revenue,
gaining competitive advantage, and ensuring the efficient and fair utilization of content and data. As
digital platforms continue to grow and evolve, the importance of sophisticated and effective
recommender systems will only increase.

Advanced recommender systems are not just about delivering personalized recommendations; they are
also powerful tools for generating valuable insights into user behavior and preferences. By analyzing
user interactions with recommendations, these systems provide a rich source of data that can inform
broader business strategies and decision-making. Moreover, this data feeds a continuous improvement
loop, enabling further refinement and optimization of the recommendation algorithms, ensuring that
recommendations remain accurate and relevant over time.

Improving recommender systems is crucial for several reasons, especially in the context of digital
platforms like Netflix. Collaborative Filtering has been a successful method for recommending items to
users for many years. However, with the substantial increase in the number of users and movies on
online platforms like Netflix, especially during and after the Covid period, Scalability Problem has
become more pressing than ever. Adapting the recommendation process to smaller subsets of users or
items can substantially reduce the computational demands, as suggested by (Koohi & Kiani, 2017) and
(Renjith et al., 2018). Further research should be directed to explore the potential of improving a
recommender system by breaking down the problem into smaller components, because we recognize
that solutions for smaller problems are typically quicker (Sevaslidou et al., 2023). Experimenting with
clustering methods is a research topic the authors are currently working on.
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